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Abstract

The paper follows a population of 18-year-old men to examine the
impact that early job mobility has on their earnings prospects as young
adults. Longitudinal employer-employee data from the state of Maryland
allow me to take into consideration the endogenous determination of mo-
bility in response to unobserved worker as well as firm characteristics,
which may lead to spurious results. The descriptive portion of the paper
shows that mobility patterns of young workers differ considerably with the
characteristics of the firm; however, growth patterns are not significantly
different on average. Workers employed in high-turnover firms (such as
those in retail and services) experience more job turnover but similar rates
of wage growth compared to workers employed in low turnover firms (such
as those in manufacturing); however, their wage levels remain below and
the wage gap actually increases over time. Regression results controlling
for unobservable show that employers in the low-turnover sector discount
earnings of workers who displayed early market mobility. By contrast, I
find no evidence that mobility has negative effects for workers that remain
employed in the high turnover sector.
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Elvery and the staff at the CES for helpful comments and suggestions. I am grateful to
the Census Bureau’s LEHD Program in cooperation with The Jacob France Institute at the
University of Baltimore and the Maryland Department of Labor, Licensing and Regulation
for facilitating access to the Maryland UI Data.
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1 Introduction

The past several decades have seen the rapid development and diffusion of new
technologies in the workplace as well as the emergence of a competitive global
market. This is prompting concerns that some workers are being left behind;
that the traditional blue-collar jobs that were once the source of good career
earnings paths are being replaced by dead-end high-turnover service and retail
jobs. This idea is popularized in the image of a young man flipping burgers
at a fast food joint working for a meager wage at a job that offers no benefits
and few opportunities for job or career advancement. Despite these notions, our
knowledge of the impact that employment in these types of firms and industries
has on the long-term earnings prospects of young workers remains limited and
highly speculative. This paper seeks to contribute some facts to the discussion.
In the paper I present evidence of the complex nature of the links between
the early labor market experience and career earnings growth of young men. I
address several questions. In particular, how does mobility contribute to career
earnings growth for workers employed in high and low turnover firms? What
are the long-term effects of early labor market mobility on the adult earnings
of similar workers? Are there scarring effects on adult earnings attributable to
early mobility and the type of employer?

Previous studies that have explored these questions have typically relied on
survey data to describe the average impact that job mobility has on the long-
term earnings prospects of various groups of workers. However, these studies do
not adequately take into consideration the endogenous determination of mobility
in response to unobserved worker as well as firm characteristics, which may also
influence adult earnings. For instance, job mobility might be correlated with an
individual’s unobserved ability, skills or drive as well as with the quality of the
job match. High ability workers might be less mobile than low ability workers
and workers that find a good job-match early on are less likely to leave that job.
In as much as these traits are correlated with earnings then failing to account
for them will lead us to confound the effects of job stability with returns to
ability or job-match quality.

The importance of understanding the returns from holding a steady job
versus the return from switching jobs is evidenced by two contrasting views
of the effects that turnover has for workers. One view is based on the belief
that the early labor market experience of youths in the United States is often
characterized by “churning” through a series of low wage, dead-end jobs [Stern
et al. (1990), Glazer (1993)]. This characterization of U.S. labor markets has
motivated policy initiatives to facilitate the transition into steady jobs of young
workers.1 The underlying assumption is that early labor market instability
may prevent workers from developing the skills or behaviors that might lead
to better jobs and higher earnings. This represents a waste of human capital
because workers fail to reach their potential later in life.2

1See Hamilton (1990), Lerman and Pouncy (1990) and Glazer (1993) among others.
2Gardecki and Neumark (1998), Neumark (1998) and Light and McGarry (1998) among

others find empirical evidence that early instability leads to lower earnings as adults.
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An alternative view is presented by numerous empirical studies that show
that, on average, mobility provides significant returns in the form of higher
earnings of young workers [Topel & Ward (1992), Hall (1982), Murphy & Welch
(1992)]. These studies provide evidence that through the job search process
workers can gain knowledge about their aptitudes, skills and interests that lead
to better job matches as they move from job to job. According to this view of
the world, the best way to succeed in the labor market is to join it and higher
wages will come from the experience of working and moving up the job ladder.

In this paper, I address the endogeneity between mobility and earnings by
using an integrated employer employee data set containing longitudinal infor-
mation on young male workers as well as their employers. These data allow
me to control for worker and firm unobservable factors in order to ascertain
whether job stability has long-term consequences on the adult earnings of work-
ers. Information on the turnover characteristics of the employers allows me to
examine whether these effects differ by sector of employment. The descriptive
portion of the paper expands on previous work by Topel & Ward (1992). In
this section I describe the long-term earnings prospects of workers as a func-
tion of the turnover characteristics of the sector of employment. I decompose
earnings growth into a component due to job transitions and a component due
to the accumulation of tenure and experience. The study of these questions is
relevant to our understanding of youth labor markets and may help inform the
development of policy initiatives that are designed to help the transition into
steady jobs of the most vulnerable workers.

The rest of the paper is structured as follows. In section 2, I describe the con-
struction of the data and measurement issues. In section 3, I examine differences
in earnings growth patterns. I decompose earnings growth from job transitions
and those from cumulative tenure and experience. Differences across high and
low turnover sectors of employment are also examined. Section 4 follows with a
description of a model of adult earnings that is a function of contemporaneous
characteristics as well as prior mobility and experience. Section 5 presents re-
sults from estimating this model first by OLS and then in a two-step procedure
to account for worker and firm unobservable characteristics. Section 6 provides
summary and conclusions.

2 The Data

The data I use in the analysis are drawn from the universe of administrative
unemployment insurance (UI) earnings records for the state of Maryland. A
key feature of these data is that they contain the earnings histories of Maryland
workers covered by the unemployment insurance system broken up by employer.
This includes practically all non-farm wage and salaried workers on private
employment (roughly 97.1%). The only exceptions are self-employed, employees
of certain nonprofit organizations, or individuals who work on family farms or
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as seasonal or migrant farm workers.3 Demographic information includes age,
gender and race. Business information includes a 4-digit SIC code and computed
measures of total employment and turnover rates. The data do not include
measures of hours worked so it is not possible to compute a wage measure.
In the analysis I follow Topel & Ward (1992) and compute measures of total
quarterly earnings.4

2.1 Sample Characteristics and Measurement Issues

The UI files contain quarterly earnings information for over 1.8 million Maryland
workers and over 90,000 employers every quarter. The data begin in the second
quarter of 1985 and end in the second quarter of 1997.

In order to examine the effects that early market mobility has on adult
earnings, I select from this sample only workers observed entering the labor
market at or before age 18. There are 381,396 such men in the data. On average,
the labor market experience of this group of workers is characterized by rapid
turnover, short-time jobs and periods of non-employment. For example, the
average worker holds 6.27 jobs during the first nine years after entry into the
labor market with the average job lasting less than two quarters.

I further restrict the sample only to those workers with a minimum of seven
years of potential earnings data. This reduces sample size considerably but
ensures that I am able to reconstruct the job histories of workers from the time
they first enter the labor market all the way through age twenty-five. The
presumption is that the combined seven-year window is sufficiently long as to
observe many individuals’ transitions from their earliest entrance into the labor
market into somewhat steadier employment as adults [Osterman (1980)]. Ideally
I would like to track workers for a longer period of time since earnings do change
considerably after age twenty-five; however, data considerations prevent me from
doing so. While this is a limitation of the paper it is unlikely to change results
significantly given that on average earnings growth from mobility has slowed
considerably at this point for this group of workers [Topel & Ward (1992)]. For
the selected sample I compute employment histories based on information for
the first five years after entry while their impact is evaluated two years after
that.

Table 1: : Characteristics of Selected and Full Sample

Full Pre 1991 Jobs Paying Selected
Sample Entry 70+% of Sample

FQ MW
(1) (2) (3) (4)

Number of Workers 381,396 127,682 46,893 11,983
Average Number of Jobs 6.2 6.5 5.17 3.1
Percent Black 25.8% 26.5% 26.1% 16.6%
Average Earnings at Entry $720 $698 $1084 $2,776
Source: Own Calculations from MD UI.

3From Employment and Wages, Annual Averages 1999. Bureau of Labor Statistics, U.S.
Department of Labor, annual bulletin.

4I do not attempt to disentangle the relative contribution that changes in the amount of
labor supplied and hourly wage rates have on total earnings growth over time.
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By construction, I end up with five different entry cohorts; the first includes
1985-1986 entrants while the last includes 1989-1990 entrants. Table 1 describes
the characteristics of the selected sample, column 4, against the full sample,
column 1. A large proportion of workers in the full sample, approximately
67%, are dropped simply because they enter the labor market after 1990. By
definition, these workers cannot accumulate seven years of potential market
experience since they are at best last observed in 1997.

For the remaining workers it is not uncommon to observer long non employ-
ment gaps and extremely low earnings jobs [column 2]. Individuals that work
on a temporary or part-time bases contribute to rapid movements in and out
of the population of workers and low earnings jobs on average. Students work-
ing part-time part-year also have spotty earnings histories. Workers that enter
non-covered employment, such as the federal government, military personnel or
independent contractors, or that find work out of state will not have earnings
information while engaged in these activities. In general, individuals moving in
and out of unemployment will be relatively mobile and exhibit relatively low
earnings.

Unfortunately it is not possible to determine with the available data whether
a gap in the jobs history is due to unemployment, schooling or non-covered em-
ployment. Similarly, it is not possible to determine the duration of a job within
any given thirteen-week period. To minimize the effects that these unobservable
have on earnings estimates I drop workers with non-employment gaps that last
more than nine consecutive months, and smooth over jobs lasting less than a
full quarter. I also smooth over jobs paying less than 70% of the full quarter
minimum wage. Finally, I keep workers for which I have a minimum of nine
observations that reach this minimum wage limit. These restrictions eliminate
another 21% of the original sample.

To get a sense for the effects that these restrictions have on the selected
sample I impose similar restrictions on a sample of young male workers from
the CPS data. I select only individuals living in Maryland between the ages
of 18 and 25 from the 1994 through 1997 CPS March files. The restrictions
affect blacks, dropouts and full-time students disproportionally. In particular,
blacks are 1.4 times more likely to be out of the labor market for more than nine
months than whites. Blacks are also 1.8 times more likely to work part-time
and thus earn less than 70% of the full quarter minimum wage than whites.
Dropouts are 2.3 times more likely to be out of the labor market for more than
nine months than high school graduates. Full-time students are 2.2 times more
likely to be out of the labor market for more than nine months than part-time
students. However, students attending college, whether full or part-time, are 1.3
times more likely to work more than 3 months than individuals in the general
population.

The final UI sample includes 11,983 workers and 34,478 jobs. On average,
this sample is significantly less black than the average for the 1985-1997 demo-
graphic of 18-year-old, 17% versus 26%. As expected the selected sample earns
considerably more per quarter at time of entry into the labor market. This is
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mostly a result of smoothing over short duration jobs and jobs paying less than
70% of the full-time full-quarter minimum wage.

Selection based on the length of labor market participation is a concern
with these data. The economic cycle is likely to affect participation rates and
these effects are likely to differ by race and by unobservable characteristics
such as ability or drive. In addition, workers with unusually long periods of
non-employment may have experienced below average wage increases or below
average job matches. By excluding these workers I am likely to underestimate
the negative effects that mobility has on adult earnings. Unfortunately, I can-
not compute some of the key variables used in the analysis for these workers
because there is no way of knowing which are truly non-employed and which
are temporarily employed in non-covered activities. However, I can examine the
sensitivity of results to sample selection generated by shifts in demand by ex-
amining the effects that Maryland’s unemployment rate has on adult wages and
by examining results for different entry cohorts.5 I also attempt to minimize
the effects of sample selection by constructing population weights based on race
and the year and quarter of initial entry into the labor market. As a result of
this weighting scheme the proportion of black workers increases to 26.9% how-
ever average earnings remain largely unchanged. With this said, readers should
interpret results as an upper bound on the effects that mobility has on adult
earnings.6

2.2 Characterizing Employers: High and Low Turnover
Sectors

With these caveats in mind, my first goal is to characterize the employment
history for the selected sample of workers during their early market history and
as they transition into early adulthood. In particular, I examine the charac-
teristics of early labor market experiences that are related to job stability such
as the number of jobs held, the longest job held and the total time spent in
non-employment. The number of jobs held is the cumulative number of full-
quarter jobs held by the individual during the first five years after entry. The
longest job held is defined as the highest tenure job (in quarters) held during
that time. This measure is computed from actual job tenure. Finally, total non-
employment spells are the cumulative measure of all periods of non-employment
over the same period of time. I compute these measures based on the early mar-
ket experience of each individual worker.

I am also interested in characterizing the type of employment history based
on two employer characteristics: their type of activity as measured by SIC codes
and their worker-turnover flows. The analysis of these two characteristics of the
employer implies that worker’s job histories can follow one of four patterns.

5Neumark (1998) uses unemployment rates in the immediate post entry period as an in-
strument for job stability.

6Ideally, I would like to estimate a selection equation to control for the shadow wages of
the non employed. However, correcting for selection into employment is not possible given
the limited amount of demographic information in the data.
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Some workers will find their first job in a high-turnover sector; presumably, in a
firm that offers low-wages and little job stability. Of these, some will successfully
transition into presumably higher-paying, more stable jobs in the low-turnover
sector but the rest will continue to work in the high-turnover sector. By contrast,
other workers will find their first job in a low-turnover sector; presumably, in
firms that offer high-wages and job stability. Of these, some will continue to
hold the same types of jobs while others transition to the high-turnover sector.

In following this strategy there are several aspects that require further dis-
cussion. First, measures of worker turnover are defined at the level of the firm
as in Burgess, Lane and Stevens (1999). More specifically, I use longitudinal
firm and worker level data to compute a measure of worker turnover net of job
turnover, churning, for every employer in any given quarter. This measure is
used to classify employers in the high or low-turnover sector. Employers in the
top half of the distribution of worker flows are assigned to the high-turnover
sector while those in the bottom half are assigned to the low-turnover sector.

Table 2: : Average Firm Characteristics: by Major Industrial Sector

Industry Average Average Average Proportion
Churning log Job Duration of Firms

Rate Earnings (in quarters) in Low Churn
Sector

(1) (2) (3) (4)
Eating/drinking estabs 0.467 8.178 5.7 0.055
Hotel srv 0.396 8.141 4.9 0.053
Movies-rec srv 0.335 8.323 6.5 0.168
Agriculture 0.320 8.438 7.6 0.248
Retail 0.272 8.431 7.5 0.254
Construction 0.246 8.561 8.5 0.335
Transportation 0.233 8.630 8.9 0.374
Personal srv 0.225 8.487 8.9 0.396
Business srv 0.222 8.571 7.2 0.438
Other services 0.216 8.576 7.6 0.468
Health srv 0.178 8.425 8.5 0.427
Fire 0.177 8.514 8.1 0.471
Public utilities 0.175 8.780 15.8 0.660
Nondurables 0.172 8.615 9.7 0.504
Wholesale 0.171 8.572 9.3 0.481
Communication 0.167 8.674 8.8 0.472
Education srv 0.148 8.488 12.3 0.574
Durables 0.145 8.578 10.4 0.607
Mining 0.134 8.671 11.0 0.638
Administration 0.107 8.577 13.3 0.750
Source: Own calculations from UI data.

Table 2 describes average firm characteristics that result from this classifi-
cation by major industrial sector. The table sorts industries by the turnover
rate of the average firm in that industry. At the top are industries with the
highest average turnover rates. At the bottom are industries with the lowest
average turnover rates. As expected, high-turnover firms are typically found in
services, agriculture, retail and construction. Jobs in these industries are rela-
tively short and pay relatively low wages. By contrast, low-turnover firms are
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typically found in manufacturing (durables and non durables), communication
and wholesale. Jobs in these industries are relatively long lived and pay rela-
tively high wages. Table 2 also shows that there is considerable within industry
variation. In particular, firms in business services, personal services, health ser-
vices and finance insurance and real state are about as likely to be high or low
turnover.

Having classified firms in the high or low turnover sector, I then want to
characterize the job history of individual workers by type of entry and whether
they change sector of employment. Obviously the data will not show that indi-
vidual job histories follow neatly into simple categories. In some cases we will
observe movements back and forth across the high and low-turnover sectors.
I do not want to exclude these workers from the analysis since their earnings
experience may be quite different from that of workers with more obvious job
histories. In the empirical analysis these workers will be grouped in their own
category and are treated separately.

Table 3: : Type and Frequency of Employment History Patterns.

Number
of
Work-
ers

Initial
Earn-
ings

Percent
Work-
ers

Proportion
that in-
cludes
at least
one
Industry
Transition

Average
Number
of
Jobs

Average
Time
Out of
Labor
Market
(in
Quar-
ters)

High
Turnover

3,930 $2,810 32.80% 53.90% 3.54 4.35

High
to Low
Turnover

2,512 $2,764 20.96% 50.37% 3.52 4.24

Low
Turnover

2,098 $3,304 17.51% 14.53% 1.44 1.01

Low to
High
Turnover

1,079 $2,954 10.79% 63.70% 3.85 4.79

Multiple
Transi-
tions

2,150 $2,808 17.94% 71.67% 5.01 5.77

Source: Own Calculations from Maryland UI data.

Table 3 provides information about the types and frequency of the employ-
ment patterns that emerge from the discussion above. Each row represents a
different type of employment pattern based on the characteristics of the jobs
held by each worker during the first seven years of potential labor market ex-
perience. The columns provide information on the number of workers that fall
inside each type of employment pattern, the average earnings at time of en-
try into the labor market, the proportion that go through an industry change,
their average number of jobs and finally the average time spent out of the labor
market.
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The table shows that approximately 33% of workers that enter the labor
market through the high-turnover sector remain there. Full-quarter earnings for
these workers average a total of $2,810 when they first enter the labor market.
This is significantly below the $3,304 earned by workers that enter through the
low-turnover sector and highlights the potential endogeneity between the type
of entry and worker unobserved productive characteristics. Workers in the high-
turnover sector are significantly more mobile and spend more time in activities
outside of the labor market than workers with jobs in the low-turnover sector.
On average, workers with jobs in the high-turnover sector will hold 3.5 jobs
paying at least 70% of the full-time full-quarter minimum wage during the first
seven years after entry in the labor market and will spend over a year in activities
outside of the labor market. By contrast, workers with jobs in the low-turnover
sector find more stable jobs. They are less mobile holding on average 1.4 jobs
of similar characteristics and spending one quarter in out of market activities.

Transitions across sectors are also common in the data. Approximately 11%
of workers start-off their careers in the low-turnover sector only to transition to
the high-turnover sector. On average these workers do not appear to be much
different from those that never leave the low-turnover sector. Approximately
21% follow the opposite path. These workers first find a job in the high-turnover
sector but eventually transition into a job in the low-turnover sector. Finally,
approximately 18% of the employment histories are characterized by multiple
transitions across sectors. The last two set of workers do not appear to be much
different from those that enter and remain employed in the high-turnover sector.

3 The Complexity of Career Earnings Growth

In this section I examine whether jobs in the high-turnover sector offer the same
possibilities of career advancement as jobs in the low-turnover sector. Jobs in
the high-turnover sector may offer workers few possibilities to learn the skills
or abilities that allow workers to move up to higher paying jobs. These workers
are easily replaced and as a result may end up cycling through a series of dead-
end jobs without experiencing much earnings growth. By contrast, jobs in the
low-turnover sector may help workers build those skills and abilities that allow
them to move to jobs where they have a comparative advantage. In this case
job transitions may lead to significant earnings growth as workers go through a
series of stepping-stone jobs.

To examine these questions, I use an econometric approach that follows that
of Topel & Ward (1992). It involves the empirical decomposition of earnings
growth over the life cycle into a component due to job transitions and one due
to within job growth. The later is computed implicitly as the difference between
total earnings growth and growth from transitions. In order to examine whether
these patterns differ with the sector of employment I break up the analysis by
type of employment history.

More specifically, given longitudinal data on worker’s earnings and employ-
ment histories I first compute, for each individual, the wage growth that is due
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solely to changing jobs. For example, consider an individual in job j−1 at time
t − 1. The individual switches jobs so that they are in job j at time t. The
estimate of between-job growth for this particular transition is given by:

E(wj,t − wj−1,t−1|wj,t+1, wj−1,t−2) =

wj,t+1 − wj−1,t−2 − E(wj,t+1 − wj,t)− E(wj−1,t−1 − wj−1,t−2) (1)

Note that the first two terms of the right hand side of this equation do not
include the entry wage in job j, given by wj,(t+1), nor the exit wage in job (j−1),
given by wj−1,t. This stems from the fact that the beginning and end of each
job are known to occur within particular three-month intervals and therefore
recorded earnings do not provide a valid estimate of the wage. To avoid this
problem I restrict the analysis only to jobs that last at least one full quarter
and the entry and exit earnings are dropped. The last two terms on the right
of equation (1) correct for the expected wage growth during the last quarter of
the old job (j-1) and the first quarter of the new job (j). I estimate these terms
from a standard wage regression that includes terms for tenure, experience as
well as worker and firm characteristics. Total earnings growth is computed as
the change in earnings between two given points.

Table 4: Career Wage Growth for Young Men: Within and Between

Experience Interval (in Years)
0-2.5 2.5-5 5-7.5 7.5-9 0-9

Average Wage Change at Job 0.126 0.036 0.013 0.021 0.076
Transitions (0.001) (0.002) (0.002) (0.004) (0.001)
Cumulative Wage Growth at 0.159 0.026 0.006 0.003 0.193
Transitions (0.001) (0.001) (0.001) (0.001) (0.002)
Average Wage Change 0.055 0.017 0.012 0.008 0.026

(0.000) (0.000) (0.000) (0.000) (0.000)
Cumulative Wage Growth 0.503 0.172 0.113 0.039 0.809

(0.001) (0.001) (0.001) (0.001) (0.002)
Source: Own Calculations from MD UI data. Standard errors in parenthesis.

The first row of Table 4 reports average wage growth at job transitions dur-
ing the first 9 years of potential labor market experience based on Table 4. The
row is broken down by experience interval. Standard errors are presented in
parenthesis. No distinction is made at this point for the type of employment
history. Column 5 shows that the typical job change during this career phase is
associated with a 0.076 increase in an individual’s log quarterly earnings. This
should be compared with an average wage growth per quarter of 0.026 and in-
dicates that on average earnings growth from job transitions exceeds quarterly
earnings growth within firms. In other words, on average workers that switch
jobs do so because they stand to gain from an improved match. Average gains
decrease over time so that the increase is close to 30% as large for experienced
workers, those with 7.5-9 years in the labor market. The second and fourth
rows report cumulative wage growth at transitions and over all respectively.
They show that over time, wage changes at job transitions account for a sig-
nificant portion of early career wage growth. On average total wage growth
during the first 9 years of labor market experience is about 0.809, of which 25%
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(0.193/0.809) is accounted for by job transitions.7

These results are similar to those reported in Topel & Ward (1992).8 They
highlight two important facts. First, job transitions contribute significantly to
career earnings growth. This forms the bases for the interpretation that job
search and matching are important to career growth. Second, the accumulation
of tenure and experience account for the largest share of earnings growth. Note
however, that it is not possible to determine the impact that ongoing educational
efforts have on these outcomes since it is not observed in these data. As a result,
earnings growth from tenure, experience and job transitions capture all forms of
human capital accumulation –including formal education, as well as the effects
of improved job matches. Similarly, changes in the amount of labor supply
may contribute to earnings growth both within and across jobs. In any case, it
does not take from the thrust of the argument that a new job match may allow
workers to take advantage of their increased availability or new set of skills.

Results in Table 4 summarize average wage growth across all workers and
types of employer. However, returns to job mobility are likely to vary widely
across the population as a result of worker and firm heterogeneity. Workers
with jobs in the high-turnover sector might not experience significant earnings
from mobility. These workers might transition through a series of jobs with
few chances for improvement and career growth. It is also possible that the
distribution of skills is not equally distributed across sectors of employment.
This might lead to different opportunities for earnings growth from job mobility.
In other words, the estimates in Table 4 include persons who gain little or
nothing from switching jobs as well as those that gain significantly. The below
average return to job mobility experienced by some workers is likely to be offset
by the returns experienced by other. Focusing on simple averages can hide
important differences across groups of workers and sectors of employment.

Table 5 explores differences in career earnings across sectors of employment.
As before, Table 5 reports the average and cumulative wage growth at job
transitions during the first 9 years of potential labor market experience. The
first column reports averages for workers whose employment history is in the
high-turnover sector. The typical job change for these workers is associated with
a 0.053 increase in an individual’s log quarterly earnings. This is well below
the 0.119 and 0.136 average increase experience by workers that successfully
transition to the low-turnover sector and those with employment histories in the
low-turnover sector. The difference in the cumulative effect as a share of total
earnings growth over a nine-year period is significant. Job transitions account
for approximately 15% of total early career wage growth for workers employed in
the high-turnover sector (0.118/0.765). By contrast, job transitions account for
33%, 31% and 30% for workers that successfully transition to the low-turnover

7Cumulative wage growth is the sum of positive and negative wage changes during a specific
experience interval while the average is the mean of all transitions during that interval. The
different unit of analysis, jobs versus individuals, can lead to the result that the average
transition is higher than the cumulative transition.

8They estimate that job transitions contribute approximately one-third of total earnings
growth during the first 10 years of labor market experience. Just slightly above my average.
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sector, those that transition from low to high and those that switch back and
forth respectively. The only group of workers that cumulative stands to gain less
over the nine-year period are those employed in the low-turnover sector. Job
transitions for these workers account for just about 8% of total earnings growth.
This is not surprising given the relatively low mobility of these workers.

Table 5: Career Wage Growth for Young Men: Within and Between

Employment History
H HL LH L BF

Average Wage Change at 0.053 0.119 0.085 0.136 0.062
Job Transitions (0.002) (0.002) (0.002) (0.005) (0.002)
Cumulative Wage Growth at 0.118 0.300 0.243 0.062 0.248
job Transitions (0.003) (0.004) (0.006) (0.002) (0.004)
Average Wage Change 0.025 0.029 0.026 0.021 0.028

(0.000) (0.000) (0.000) (0.000) (0.000)
Cumulative Wage Growth 0.765 0.906 0.780 0.763 0.832

(0.003) (0.003) (0.005) (0.005) (0.004)
Source: Own Calculations from MD UI data. Standard errors in parenthesis.

These results highlight the difference labor market experience of different
groups of workers. In general, jobs in the high-turnover sector are more volatile
and workers exhibit smaller job-to-job advancement. Earnings growth from
switching jobs is but a fraction of that experienced by other workers. However,
it is important to note that total earnings growth remains high for workers that
stay in the high-turnover sector. The results indicate that total cumulative
earnings growth from the combination of tenure, experience and job transitions
is similar to that of workers employed in the low turnover sector, 0.765 vs. 0.783
log points. Given that on average these workers accumulate less experience,
these results indicate that the accumulation of earnings growth with tenure is
sufficiently high as to yield similar earnings growth over time. So, while worker
employed in low-wage high-turnover industries such as those found in the fast
food industry or retail do not exhibit the same degree of job-to-job improvement,
they do however exhibit similar earnings growth rates over time. Having said
this, it is also important to note that these workers start off from a lower initial
wage; so, while earnings growth as a proportion of initial earnings is similar for
both sets of workers the earnings differential increases in absolute terms over
time. The earnings differential between these two sets of workers increases from
an average of $494 dollars per quarter at time of first entry into the market to
approximately $865 at the end of the ninth year.

It is important to note that the simple accumulation of labor market experi-
ence is the single most important contributor to earnings growth for workers in
this age group. This is true regardless of the sector of employment and explains
why earnings growth patterns follow similar paths. These results indicate that
entry level jobs provide a means to acquire basic labor market skills regardless
of the sector of employment. A job at McDonalds may provide a basic set of
skills as much as a job at a financial services firm. It is also possible that earn-
ings growth between the ages of 18 and 25 is partly the result of increases in
labor supply. Assuming the supply of labor follows similar growth paths across
sectors of employment then as workers transition into full time jobs their earn-
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ings growth will also follow similar paths. Finally, educational attainment may
also increase proportionally across sectors. Young workers are often enrolled in
school. As their educational attainment increases so might their earnings.

This section has showed that job transitions do not offer as many oppor-
tunities for job advancement in the high-turnover sector and that the earnings
differential increases over time in absolute terms. However, workers that remain
engaged in the high-turnover sector can experience similar earnings growth rates
through the accumulation of experience and tenure. In this sense, continued par-
ticipation in the labor market is particularly important for these workers. These
results indicate that the idea that jobs in low-wage high-turnover industries do
not offer opportunities for job advancement is not corroborated by these data.
Young men that find jobs high turnover service or retail jobs can be expected
to experience significant earnings growth as long as they remain engaged in the
labor market. However, their earnings with respect to workers in low-turnover
industries will drop over time.

I should note one important caveats. These results are based on a selected
sample of workers; workers that are more likely to remain engaged in the labor
market. These workers may have experienced above average wage increases or
above average job matches. As a result, wage effects should be interpreted as
an upper bound on the returns turnover from both industry and regular job
transitions have on career earnings. Furthermore, this bias may not be sym-
metrical across sectors of employment. Workers in the low-wage high turnover
sector might be more likely to drop out of the labor market than those in the
relatively high-wage low turnover sector.

The next section examines whether there are long term negative effects from
job instability on adult earnings after controlling for unobserved ability and
job-match quality.

4 A Model of The Long Term effects of Labor
Market Entry and Mobility

The empirical decomposition described above provides a rich characterization
of career earnings growth in youth labor markets. It highlights differences in
earnings growth patterns for workers with different types of labor market entry.
In this section I discuss a model of adult earnings that takes into consideration
the endogenous determination of mobility in response to unobserved worker
and firm characteristics to ascertain whether job instability or the type of labor
market entry have negative consequences on adult earnings.

The model is motivated by empirical literature that examines the effects of
early job market instability on the adult earnings of workers [Neumark (1998),
Gardecki & Neumark (1998) and Light and McGarry (1998)]. These models are
based on the idea that job instability can have negative consequences on adult
earnings because workers that transition aimlessly from job to job might not
develop the skills or attitudes that would lead to improved earnings. Further
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more, employers might perceive this “floundering about” as a signal for lack of
ability, drive or skills and might discount adult earnings accordingly.9

However, addressing this question poses several econometric problems. In
particular, job-matching models suggest that the statistical association between
adult wages and early job stability may not provide a good estimate of the effects
job stability has on adult earnings. The reason is that job stability might be
correlated with an individual’s unobserved ability, skills or drive as well as with
the quality of the job match. High ability workers might be less mobile than
low ability workers and workers that find a good job-match early on are less
likely to leave that job. In this case, the positive correlation between these
unobserved traits and more stable job histories will lead us to attribute to job
stability what are in effect the returns to ability and job-match quality. We
will incorrectly infer that employers reward stability or that individuals holding
steady jobs develop valuable skills.

These types of effects could arguably also work in the opposite direction.
Workers that switch jobs might be a selected sample of workers that stand to
gain from switching jobs relative to those that stay behind. This may occur
because they have found a better job match to their skills. In this case, the
positive correlation between these unobserved characteristics and job mobility
might lead us to infer that there is no value to early job stability, that any job
is a good job and that there should be no effort made to keeping young workers
in steady jobs.

The final direction of these contrasting effects is not known a priori and may
even differ with the sector of employment. In some sectors mobility might be
a way for high skilled workers to improve their lot, while in others high skilled
workers may experience a comparative advantage in long tenured jobs.10

The wage model that I describe in this section seeks to explain how early
market mobility and the type of entry affect adult earnings conditional on worker
unobserved ability and job-match quality of early jobs. In the model, adult
earnings are determined by the following equation:

wi = αSij + Xitβ + εij (2)

where w is the adult wage of worker i, X is a vector of standard contemporaneous
labor market characteristics included as controls such as tenure and experience.
S is a vector measuring early job stability and the type of labor market entry.
The final element in the model is the statistical residual of worker i employed
at firm j (εij).

The model is estimated separately by sector of employment. This allows me
to ascertain whether early job stability has different effects in the high and low-
turnover sector. Evidence of the relationship between early job market stability
and adult earnings across different sectors can then be examined by exploring the
correlations between the earnings outcome and a range of variables that account

9This might be though of as a form of statistical discrimination.
10Gibbons & Katz (1992) and Neal (1999) are examples of these two different types of

models.
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for the labor market stability of youths. Included in the measure of labor market
stability, S, are variables that capture prior labor market experience such as the
number of prior jobs held and longest job held. It also includes a dummy for
the type of entry sector. If early job instability has a scarring effect on adult
earnings conditional on adult characteristics then α in equation (2) will capture
this fact. If employers value early job stability then α will be negative when
S is the number of prior jobs held and positive when S is the duration of the
longest job held. If employers take the type of entry as a signal of the worker’s
ability and discount their earnings accordingly then α will be negative when S
is a dummy for entry through the high-turnover sector.

The presence of unobserved ability and job-match quality as a determinant
of mobility suggests that the error term in equation (2) consists of the following
components:

εij = θi + Ψi
P

j + ξij

where θi is a person specific worker fixed effect that controls for individual
heterogeneity that may be correlated with both wages and early job stability.
Ψi
P

j is an unobserved measure of the quality of the job-match attained by
worker i while employed in any firm j during the first five years after entry into
employment. It is a measure of unobserved firm heterogeneity and job match
quality of early jobs that might be positively correlated with current wages and
early stability. However, the estimation of these effects presents me with a
challenge. The model is cross-sectional in nature. It estimates an individual’s
wage as a young adult several years after entry into the labor market on a set
of variables that are time-fixed in nature such as the number of prior jobs and
longest prior job. I have only one wage observation per individual; their wage
as adults. There is no way to estimate worker and firm fixed effects on the
cross-sectional data without eliminating the effect that my variables of interest
have on adult earnings.11

To get around this problem I use a two-step estimation procedure. Step
one involves the estimation of the worker and firm fixed effects using the full
earnings history file. For this I first estimate a standard earnings regression
with job fixed effects to get estimates of the joint worker-firm fixed effect, (θi +
Ψij), for each job held during the five year post-entry period. This equation
is estimated separately for each job. The time-varying regressors in the wage
equation include a joint linear tenure-experience term as well as non-linear and
independent tenure and experience terms. The wage regression is as follows:

wijt = b1xit + θi + ψj(i,t) + εijt

where X is the vector of time varying coefficients, θi is the fixed effect of worker
i. ψj(i,t) is the firm fixed effect experienced by worker i employed in firm j.

11I could estimate worker and firm fixed effects directly if I were to consider the effects prior
experience has on earnings in all jobs. However, I would no longer be estimating the effects of
prior experience on adult earnings but rather on subsequent jobs. Instead I follow the same
methodology as in Neumark (1998) and Light and McGarry (1998).
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Finally, εijtis the statistical residual.
For each worker I end up with a set of estimates, one for each of the firm

pairings that they form over their early career. I then take the largest estimated
value of the joint worker-firm fixed effect as a measure of the quality of the job-
match attained during this period.12 The interpretation of these effects is that
they capture the worker’s average earnings growth due to unobserved ability
and job-match quality:

θi + Ψi
P

j = MAXn
j=1(θi + Ψij)

With these estimates in hand it is straightforward to estimate model (2),
with predicted (θi + Ψ) inserted as controls for worker ability and job-match
quality. Normally one would have to correct standard errors in model (2) to
account for the fact that I am using estimates derived from the first step as
opposed to the true values. However, it is not necessary to do so in this case
since the estimates are the actual fixed effects for each individual.

5 Results

Results from estimating this model are presented in Table 6 and Table 7. Table
6 reports results from an OLS regression with no controls for worker and firm
fixed effects. Table 7 reports results from the second step of the two-step model.
The contrast between estimation procedures provides information regarding the
direction of the omitted variable bias and the process by which workers decide
to switch jobs. Both tables report estimates for the type of entry and prior
number of jobs held. In these tables I also include controls for longest period of
non-employment, total non-employment, contemporaneous experience, longest
prior job and contemporaneous tenure. Results are presented first for all indi-
viduals and then as a function of the sector where workers end up as adults.
Results are also presented for two different entry cohorts, 1985 and 1990. These
cohorts enter the labor market at very different points of the economic cycle;
the first during a period of relative stability, the second during a period char-
acterized by a downturn in economic activity. Their analysis highlights the
effects that the economic environment might have on earnings trajectories and
mobility. All regressions include year dummies as well as a measure of the cur-
rent unemployment rate. These capture demand shocks to the local economy
that may affect adult earnings. Also included but not reported are controls for
contemporaneous worker and firm characteristics including one-digit industry,
firm size class and the individual’s age. All tables present population weighted
estimates based on race, year and quarter of entry.13

12Other measures of early match quality that I considered include the average fixed effect
over this period or the fix effect of the longest job held during this period. All are highly
correlated and lead to qualitatively similar results.

13Weighted and unweighted results are qualitatively the same although weighted results are
some what stronger.
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OLS estimates in Table 6 reflect some of the findings of the previous section.
On average, prior mobility has strong and positive effects on adult earnings.
Column (1) shows that mobility –as captured by the number of prior jobs held,
has a positive and cumulative effect on adult earnings although at a somewhat
decreasing rate. Columns (2-6) reveal some of the differences across sectors
of employment and entry cohorts. In particular, columns (2-4) show that the
effects of mobility on earnings are not significant for workers employed in the
low turnover sector or those that move back and forth across sectors. These
results suggest mobility is a relatively ineffective way to move up the career
ladder in industries characterized by low turnover and relatively high wages –
e.g. manufacturing, communication and finance. By contrast, mobility seems
to provide a means up that ladder in industries characterized by high turnover
and relatively low wages –e.g. retail, construction or hotel services. Mobility
might be a way for relatively high ability workers to improve their lot in these
industries.

Analysis for the 1985 and 1990 cohorts, Columns (5) and (6), highlight the
effects that the economic cycle have on mobility estimates and career paths.
Column (6) shows that the coefficients on the 1990 cohort are not as strong as
those for the 1985 cohort; a period of economic growth. The implication is that
higher paying jobs are not as easy to come by during a downturn. Employers
are reluctant to hire new workers and the opportunities for job improvement
may be relatively difficult to come by.

Looking at other variables of interest, Table 6 shows that the type of labor
market entry –whether a high or low turnover entry, appears to have some effect
on the employer’s valuation of their workers. This is particularly true for workers
employed in the high-turnover sector. Column (4) shows average earnings are
.039 log points higher for workers that initiate their careers in the low turnover
sector. Systematic differences in the underlying characteristics of these workers
are likely driving some of these results.

The other estimated coefficients are standard. Contemporaneous experience
shows strong positive effects on adult earnings. Note however that the impor-
tance that employers confer to experience is balanced against the finding that
on average prior periods of non-employment and total non-employment do not
seem to have negative effects on adult earnings. This is somewhat surprising
but consistent with similar findings by Antel (1991). The implication is that
workers in the sample are engaged in some form of skill building activity during
their periods of non-employment or that lengthier job search activities lead to
higher paying jobs. Tenure coefficients show some interesting patterns. First,
returns to tenure are relatively low compared with returns to experience. That
is, young workers experience relatively low rates of firm specific human capital
accumulation. Most human capital accumulation is generic. Second, returns to
tenure are relatively high in high turnover firms. This is consistent with the
idea that workers that prove to be a good match in high turnover firms see their
earnings revised and grow relatively fast.

Finally, the coefficient on the black dummy is strong, negative and of sim-
ilar magnitude across specifications. Estimates show earnings are on average
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between .117 and .166 log points lower for these workers. Regressions by race,
Tables ( 8) and ( 9) indicate that these effects are not due to differences in re-
turns to experience, tenure or mobility between the populations. In other words,
they are not a result of diverging earnings paths. Possible explanations include
a persistent gap in underlying educational attainment, occupational segregation
or they could also reflect wage discrimination that persists over time.

Overall, estimates of the main variables of interest, number of jobs and
longest job held, are consistent with the finding in Topel & Ward (1992). They
suggest that there is an important role for job matching and mobility in career
earnings growth particularly in high turnover sectors. However, they are incon-
sistent with Neumark (1998), which find a small negative but significant effect
on OLS estimates of the number of prior jobs held. Differences in data and
the sample selection criteria are likely to play an important role in explaining
these differences. There are two reasons for this. First, Neumark’s results are
based on data from the NLSY. These data allow Neumark (1998) to date the
time of entrance into the labor market to the point where the individual no
longer reported schooling other than a two-year college. The same is not true in
my sample. All 18 year old with strong labor market attachment are included.
Consequently, it is likely that there are significant underlying differences in age
distribution and ongoing educational efforts between the two populations. As a
result, it is possible that I might be overestimating the returns to mobility by
attributing to this variable what are in fact the returns to changes in underlying
education and labor supply.

Second, part-time and short duration jobs get an uneven treatment in the
two samples. I restrict the analysis to jobs that last at least 3 months and pay
more than 70% of the minimum wage salary. By contrast, Neumark’s job count
measure includes the total number of jobs ever reported by the individual. This
job count measure is likely to be negatively correlated with job quality and
unobserved worker ability in which case he might be attributing to mobility
what is in fact the impact of these unobservable characteristics.

Both sets of OLS estimates are likely to be affected by omitted variable bias.
Indeed that is the reason for attempting a two-step strategy. The introduction of
worker and firm fixed effects eliminates bias from unobserved job-match quality
and ability or drive. Other sources of heterogeneity will likely remain. For
instance, job fixed effects may not fully account for earnings growth as a result
of ongoing educational efforts and increased labor supply. This might affect the
interpretation of results in as much as these activities are positively correlated
with mobility. With these caveats in mind, Table 7 reports results from the
second step of the two-step estimation procedure that includes a measure of the
worker and firm fixed effects. Table 7 reports estimates for all workers in the
sample, column (1), by sector of employment, columns (2-4) and finally for the
1985 and 1990 entry cohorts, columns (5-6). The model is the same I estimated
before but I now include a measure of worker and firm fixed effects for each
individual.

Table 7 shows that controlling for unobservable worker and firm fixed effects
reduces point estimates of mobility and type of entry considerably. In most cases
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mobility estimates become negative. This is generally true for all specifications
and indicates that the selection process underlying the mobility decision can
explain the returns to mobility that we found in Table 6. Intuitively, workers
that switch jobs do so because they find a better job match to their skills or
abilities. Controlling for these effects eliminates the positive returns to mobility.

However, there are significant differences across sectors. Columns (3-4) in-
dicate that prior mobility has a negative and significant impact for workers
employed in the low-turnover sector. The data indicate that employers in low
turnover firms and industries place a premium on workers with a stable job
history. Individuals with five job transitions stand to earn on average 0.22 log
points less than a comparable worker with no prior mobility. This represents a
considerable reduction in earnings from an unstable early market history. Em-
ployers might discount earnings of relatively mobile workers if they perceive this
to be a signal of their ability, drive or commitment to the firm. It is also possible
that relatively mobile workers fail to acquire the skills that are valued in these
types of firms.

By contrast, mobility does not have significant negative effects for these
workers employed in the high turnover sector. Employers in high turnover firms
do not put a premium on workers with more stable job histories. In hindsight,
it seems counter intuitive to expect employers to reward or value workers with
a stable job history when their firms have a history of unstable jobs. It is also
possible that the jobs and technologies in place in these firms might be such
that there is no return to the types of skills associated with this trait.

Remaining coefficients do not experience much change relative to OLS es-
timates. In this sense, it is striking to note that the black wage differential
although reduced remains strong. This indicates that black workers are more
likely to transition to a low wage job as adults even after controlling for expe-
rience, periods of non-employment and early period fixed effects. Regressions
by race, Tables 8 and 9 indicate that on average mobility is discounted at a
higher rate particularly for highly mobile black workers lending some support
to this interpretation. It is also possible that the labor supply or their ed-
ucational attainment follow different paths. Other potential explanations for
this black-white differential include differences in access to job networks, search
technologies as well as discrimination.

6 Conclusions

This paper used longitudinal earnings history files from the State of Maryland
to examine the effects that early market instability has on the adult earnings of
young workers. The paper shows that on average mobility is a way for workers to
move up the wage ladder. However, mobility also has negative effects on some
workers once we control for ability and job match quality components. This
could explain the apparently diverging results found in studies that focus on
different groups of workers. I find evidence that employers in the low-turnover
sector discount earnings of workers who displayed early market instability. The
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same is not true for workers employed in the high-turnover sector. There are two
interpretations for this. First, employers who value stability in their workplaces
might discount the earnings of workers who displayed an earlier propensity to
move. Second, it is also possible that workers with unstable job histories fail
to develop particular skills or behaviors that are useful in firms that require a
committed workforce. By contrast, I find no evidence that mobility has nega-
tive effects for workers that remain employed in the high turnover sector. In
hindsight, there seems to be no reason for employers that have a history of short
duration jobs to discount earnings of employees who displayed a high propensity
to move. Differences in technologies of production might drive some of these
differences.

The analysis shows that there is considerable selection regarding the decision
to switch jobs regardless of the sector of employment. Workers that switch jobs
gain considerably from an improved job match. This is particularly true for
workers that successfully exit the high-turnover sector. Earnings growth for
these workers over a nine-year period is approximately 18% higher relative to
workers that remain in the high-churn sector. This is not to say that jobs
in high-churn industries do not provide considerable opportunities for earnings
growth. The analysis shows that earnings growth rates are similar to those of
workers employed in the low turnover sector and come primarily through the
accumulation of experience. However, the lower starting wage suggests that
over time earnings for these workers lag behind that of workers employed in the
low turnover sector.

It is important to recognize some of the limitations of this paper. First, the
data used for the analysis necessarily restricts the analysis to a selected sample of
workers, those that remain engaged in the labor market. In this sense returns to
mobility only provide an upper bound of the actual returns to mobility. Second,
I was not able to consider the role continued education plays in career earnings
growth. In this sense, I was not able to disentangle whether job advancement
comes about from underlying improvements in formal education or from simple
participation in the labor market.
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